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“ “Simultaneously, the specter of a significant patent cliff 
threatens established revenue streams, compelling an 
urgent search for new value creation. Compounding these 
pressures are persistent issues with R&D productivity, 
where declining returns on investment necessitate more 
efficient and innovative approaches. 

Enter Agentic AI: Intelligent software agents that don’t just 
analyze data but take action, learning and adapting as they go.

This whitepaper outlines four evolution steps Agentic AI has undergone, the path to adoption for 
commercial and medical teams, and the compelling business case for making the shift now. From 
task automation to full orchestration, Agentic AI represents the next frontier of productivity and 
personalization in pharma.

Evolving market dynamics, particularly in the post-pandemic era, have exposed vulnerabilities in 
traditional product launch strategies. 

Simultaneously, the specter of a significant patent cliff threatens established revenue streams, 
compelling an urgent search for new value creation. Compounding these pressures are persistent 
issues with R&D productivity, where declining returns on investment necessitate more efficient 
and innovative approaches. Traditional approaches to analytics and engagement—manual 
segmentation, fragmented campaigns, and static dashboards—can no longer keep pace. 

Pharmaceutical 
companies face rising 
complexity, declining 
launch performance, and 
mounting cost pressures. 
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Introduction
Pharmaceutical companies are awash with vast amounts of data—ranging from 
sales performance metrics to advanced medical insights—and face increasingly 
complex analytics needs. Historically, extracting actionable insights from this 
data and translating them into refined commercial strategies has been a slow, 
labor-intensive process. Multiple C-Suite led initiatives have been launched to 
consolidate these datasets and build analytics applications, but these projects 
typically fail to meet their original objectives.

Often cited is a larger challenge of too many moving parts coming together and needing 
tremendous amounts of resources. Also, teams working in silos often adds to this complexity 
leading to outcomes such as segmenting prescribers or planning campaigns that take months 
to see the light of the day. The average campaign planning cycles can range from 6 to 9 months 
- much longer than the other industries. In the past, there were also technological challenges on 
integration of massive data into existing workflows. 

With intensifying competition and looming patent cliffs in the pharmaceutical industry, the 
imperative to execute successful new drug launches has never been more acute. Over the past five 
years, a concerning trend has emerged: average sales for new launches within their critical first six 
months have declined by 19% compared to previous benchmarks. 

This downturn underscores the urgent need for pharmaceutical companies to invest in strategies 
that enable faster, leaner, and more personalized customer engagement at a significant scale, 
thereby maximizing the impact of new therapies in a challenging market.

Over the past five years, a concerning trend has emerged: 
average sales for new launches within their critical first 
six months have declined by 19% compared to previous 
benchmarks. This downturn underscores the urgent need 
for pharmaceutical companies to invest in strategies that 
enable faster, leaner, and more personalized customer 
engagement at a significant scale, thereby maximizing 
the impact of new therapies in a challenging market.

“ “
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In the fall of 2024, we published a whitepaper outlining 
how Generative AI could fundamentally reshape CRM 
workflows and empower medical and commercial teams 
to work more intelligently. 

We also talked about how an AI and Large Language 
Model (LLM) use case garden is important for 
pharmaceutical companies. Since then, we’ve made 
tangible progress by building five of the seven use 
cases we had proposed, in collaboration with several 
client partners. We can also see public evidence of the 
same concept being used by J&J which identified 15-20 
primary use cases coming out of 900 pilots that they 
had implemented internally.

The conversation, however, has rapidly evolved. Our 
partners are now keenly exploring the transition to 
AI agents, envisioning their integration into unified, 
intelligent ecosystems powered by sophisticated 
agentic workflows and orchestration layers. 

This forward momentum is underscored by Gartner’s 
prediction that by 2028, AI agents will drive at least 15% 
of daily work decisions in the pharmaceutical sector, a 
dramatic increase from negligible levels in 2024.

So lets have a closer look at what is driving this and how 
we envision Agentic AI to look like in the pharmaceutical 
industry. We first start by making a case on what would 
drive this change.

The “AI & LLM Use-Case Garden” is a 
portfolio approach to AI adoption. Instead 
of betting everything on one big platform, 
you plant many small, well-defined use 
cases—each like a seedling—in the parts 
of the business where they’ll thrive (e.g., 
call-note summarisation, HCP segmentation, 
compliant email drafting). 

You nurture the pilots that show strong ROI, 
prune the ones that don’t, and gradually 
expand the successful “plants” across 
brands and markets. Over time the garden 
grows into an integrated ecosystem of AI 
services, giving pharma teams a steady, 
low-risk way to harvest value while 
constantly learning which applications 
truly move the needle.

Agentic AI refers to autonomous 
software agents that don’t 
just support decisions, but 
independently carry them out 
based on defined goals. Instead 
of waiting for human prompts, 
these agents proactively gather 
data, generate insights, and 
take action. The user gives 
simple instructions: “prepare a 
personalized doctor outreach 
plan”—and AI agents decide 
which data to gather, run the 
analysis, draft the emails, check 
compliance, and hand back 
the finished package, all while 
learning from your edits for 
next time.
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The Case for Making 
This Change NOW!
Every major drug launch today involves enormous planning and execution on 
multiple fronts - juggling 20,000 to 30,000 HCP targets, generating dozens of 
language-specific assets and territory tweaks to activate sales teams. Done 
manually, that turns into months of spreadsheet wrangling and serial Medical, 
Legal and Regulatory (MLR) reviews, shaving precious time off a product’s 
exclusivity window. 

We are already observing a few macro behaviors from a pharma standpoint that can make a case for 
a change in the mindset:

Even long-term R&D productivity challenges captured by Eroom’s Law, the notion that drug 
approvals per R&D dollar keep edging down, becomes less daunting when every commercial cycle 
runs leaner and learns faster. In practical terms, adopting a few well-chosen agents this year means 
your next launch team will spend its energy on clinical positioning and customer relationships, 
not on stitching together Excel macros, increasing speed and precision without adding risk or 
complexity.

Patent cliffs loom. Nearly 
$200 billion in biopharma 
revenue is at risk of loss 
by 2030 due to expiring 
patents, as highlighted by 
BioPharma Dive. 

Companies that leverage AI 
to shorten launch timelines 
and increase campaign 
efficiency will be best 
positioned to recover lost 
revenue. (BioPharma Dive) 

Pipelines are growing. 
Over 11,000 late-stage 
oncology trials are 
currently underway, 
each requiring strategic 
planning, segmentation, 
and engagement. 

Manual workflows simply 
can’t keep up. 
(PMC Reference)

Almost half of pharma 
insiders say missing digital 
talent is the single biggest 
brake on transformation, 
and 83% of HR leaders 
can’t find the expertise 
they need. Tech roles 
already make up 13% of 
all Life Sciences’ hiring, 
yet 92% of executives still 
expect to shop externally 
for AI specialists. 

In short, the talent pool 
isn’t growing fast enough—
making Agentic AI the most 
practical way to stretch 
the teams you have today.
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...your next launch team will spend its energy on 
clinical positioning and customer relationships, not 
on stitching together Excel macros, increasing speed 
and precision without adding risk or complexity.“ “
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 Think of these as four maturity phases, each unlocked by a richer layer of AI implementation. 

Where Are We Headed? 
A Roadmap
Our teams have participated in multiple discussions with pharmaceutical 
companies where the questions have often focused on topics like “What does it 
mean for AI agents to be incorporated in my everyday work around Commercial 
Excellence?” or “Can we turn this specific task into an agent?”. We would like to 
break this down and provide an overview on the foundations to implement Agentic 
AI into your systems. 

AI Assistants (Generative‑AI Tool Layer)
Most pharma teams are already experimenting here. LLMs such as ChatGPT, 
BioGPT, or Claude are superb for one‑off requests: “Summarize this 50‑page 
ATU report,” or “Draft a first‑touch email for oncologists in Spain.” For the 
past two years, we have already been helping clients deploy several of 
these tool‑level assets: 

•	 A virtual Generative AI assistant that chats with patients about 
contraceptive options—delivering compliant, conversational education. 

•	 An internal Q&A interface for a global pharmaceutical company where 
leaders can ask, “What drove Q2 revenue for Brand A in Italy?” and get 
an instant, narrative explanation drawn from 80 brand-indications, 
75‑market forecast cube.

•	 A marketing content editor that can generate a first draft of emails for 
HCPs and patients integrated with the internal MLR processes.  

These tools are terrific productivity boosters, but they’re still passive: they 
wait for your prompt, then hand back an answer. They don’t know a launch 
timeline, a territory strategy, or the next step after the email draft is written 
to take specific actions. Hence, we need to go into the next stage with 
these solutions. 

Phase

1

Human + Agent Teams (Task‑Based Agent Layer)
The next leap is to autonomous task agents which are essentially software 
entities that work on your behalf once you set an outcome. In our product-
launch scenario, a Segmentation Agent could read CRM and prescription 
data, then auto‑cluster HCPs by behaviour and potential. A Campaign Agent 
turns those clusters into draft content packs for approvals. A Field‑Resource 
Agent runs rep‑capacity maths and proposes coverage plans. These are 
purpose driven tools with set procedures with AI integrated to deliver 
expected outcomes. 

We’ve already piloted this multi‑agent pattern for clients, generating 
HCP personas using Internet-scale data, and covered that in a previous 
whitepaper. Our deep‑research HCP segmentation solution chains three 
agents—a crawler that finds every digital trace of an HCP, a summariser that 
filters for persona‑relevant nuggets, and a MECE‑driven clustering agent 
that groups doctors for an upcoming obesity‑drug launch. Human managers 
still review outputs and hand them to the next function, but task‑level 
automation is now real. These are quick outputs that reduce the time to 
generate an initial set of personas from a 12-week project to a 6-week 
agentic task which feeds into a drug launch planning exercise.

Phase

2
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Agent Workflows (Early Orchestration)
Here, multiple agents can hand work to one another under a lightweight 
orchestrator—but humans remain in the loop at key checkpoints. For 
example, after the Segmentation Agent finishes, the orchestrator 
automatically triggers the Campaign Agent, then passes its draft emails to a 
compliance reviewer. The same orchestrator might call a Data‑Quality Agent 
if it detects a sparse region, or a Visualisation Agent to build a dashboard. 
Technically, a few pieces exist today already; what holds companies back is 
data plumbing, governance, and change‑management. Now would be a good 
time to talk about how to implement these agents in a workflow format. 

Assistant → Executor (Full Agentic System With Orchestrator)
Picture an orchestrator acting as a digital project manager. A launch lead 
simply enters a mission—“Design and execute our EU-5 oncology campaign.” 
Instantly, the platform deploys every agent required: segmentation, creative 
drafting, field-force allocation, budget re-balancing, compliance review, and 
performance forecasting. As live signals flow in—say, a surge in engagement 
from a low-prescribing cluster or a guideline published overnight—the 
orchestrator adjusts the plan on the fly, no human prod needed.

Phase

3

Phase

4

Industry Use Case 
In a recent product indication launch, a three-agent 
pipeline turned what used to be a 10-week desk-research 
slog into a 5-week sprint. First, an Internet-Crawling Agent 
harvested a few open-source data blocks—PubMed, 
ClinicalTrials.gov, ESC abstracts, social threads, and news—
for ~4,000 cardiologists, reaching 80% coverage with 
negligible scrape errors. 

A Summarizer Agent then distilled each doctor’s digital 
footprint into a 400-token brief that captured clinical 
focus, trial roles, and sentiment toward GLP-1s; a reviewer 
spot-checked 150 summaries and tweaked a few. Finally, a 
Clustering Agent grouped the doctors into four actionable 
personas—Patient-Safety Guardians, Evidence-Driven 
Pragmatists, Early Innovators, and Cost-Conscious 
Adopters—and auto-generated channel-ready playbooks 
that were sent over for MLR reviews. Persona tags and 
channel hints flowed straight into Veeva CRM. 

The sprint shaved roughly 450 analyst-hours, delivered 
five-times the external signal depth per HCP, and required 
no new infrastructure—just modular agents plugged into 
the existing Microsoft Azure stack.
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Most pharmaceutical companies sit solidly in Phase 1, with a growing set of Phase 
2 pilots (field‑note summarisers, template‑based email agents, medical‑literature 
digests). A handful are building Phase 3 proofs‑of‑concept, chaining agents for 
launch‑planning or territory alignment. 

The journey from isolated AI assistants (Phase 1) to fully orchestrated agentic systems (Phase 4) 
can seem daunting, hinging on the very challenges of data unification, governance, and operational 
change that hold many organizations back. However, achieving this evolution doesn’t require a 
complete overhaul of your existing infrastructure. The solution lies in implementing a plug-and-play 
architecture that builds upon your current data foundation, enabling you to progressively add, 
manage, and scale agentic capabilities in a secure and standardized way. 

The following describes how to construct this agile framework.

Where Are We Now?

Human + Agent Teams

AI Assistants

Agent Workflows

Assistant → Executor

2

1

3

4
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A plug-and-play architecture for Agentic AI in pharma (with MCP at the core)
Most pharmaceutical companies have their customer and sales data—CRM records, sample 
requests, HCP call notes, claims, digital engagement, flowing into a single Customer Data Platform 
(CDP). Your existing BI dashboards, Veeva screens and internal portals all read from this CDP so there 
are no disconnected data silos. 

On top of those familiar user interfaces (UIs), a lightweight orchestrator lives: when a rep types 
“Draft a follow-up for Dr Lee,” the orchestrator (the “AI concierge”) dispatches the right micro-
helpers—a note-summariser, an email drafter, a compliance checker—and returns a single, polished 
result back into the same screen.

Behind the scenes each helper is registered with a Model Context Protocol (MCP) card, a one-page 
“passport” that describes in plain terms what the agent does, what data it needs, what it produces, 
and who owns it. Because every agent follows this standard, the orchestrator can discover new 
capabilities on the fly—“Do we have an agent for Spanish email localisation?”—and governance 
teams immediately see which agent ran which prompt on which data. That means no hidden code, 
no shadow bots, and full audit trails for every action.

Getting started is as simple as:

Model Context Protocol (MCP) is a brand-new open 
standard—think of it as “USB-C for AI tools.”Instead 
of writing one-off integrations for every data source 
or dashboard, an MCP “card” (a tiny JSON/YAML file) 
describes what an agent does, what data it needs, 
and what it’s allowed to touch. Any orchestrator 
that speaks MCP can then discover that agent, plug 
it into a workflow and enforce the right permissions 
automatically. Anthropic open-sourced the protocol 
in November 2024, positioning it as a universal 
connector between AI assistants and business 
systems (AnthropicThe Verge). Since the launch, 
developer sites such as modelcontextprotocol.io 
have published SDKs and reference docs, calling 
MCP a “USB-C port for AI applications” because 
it lets companies swap tools in or out without 
rewriting code (Model Context Protocol). In short, 
MCP is the standardisation layer that makes it safe 
and low-effort to add or replace AI agents inside a 
pharma stack—no bespoke wiring, and full version 
traceability for audit.

MCP

With data unified in the CDP, tools you already use unchanged, and MCP-backed agents plugging in 
or out at will, pharma teams can add—or replace—AI capabilities as easily as swapping one USB-C 
cable for another.

2
Point your new AI layer 
at the existing CDP and 
embed the orchestrator 
UI inside Veeva or 
Microsoft Teams.

Require any future 
AI helper to publish 
an MCP card before 
it’s granted access.

Adopt the MCP template 
(a JSON/YAML schema or 
even a shared spreadsheet) 
and register two starter 
agents—say, the call-note 
summariser and the email 
drafter—so everyone can 
review their passports.

1 3
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Utility Agent Pool: Hundreds of LLM-based agents or function/API 
wrappers for specific tasks including chatbot APIs, text summarizers, etc.

Securely executes agent-initiated tasks with controlled 
access to LLMs, databases, APIs, and external apps.

Execution Guardrails: enforcing guardrails, 
isolation, and policy compliance.

Foundational Capabilities: component-based 
logging, audit trails, telemetry, caching, 
monitoring, versioning, etc.

Admin UI

Information Guardrails: prompt injection 
prevention, PII, etc.

Enterprise Agent and Tool Registry: Registry of available agents, 
tools, and capabilities.

Enterprise Governance Layer: Includes 
policies, certificate requirements, 
security constraints, etc.

Memory & Retrieval Layer: Graph 
Al-enhanced retrieval that supports 
ReAct agent training through feedback 
and stores structured knowledge from 
exploration. (retrieval-based reasoning).

DatabaseExternal Applications

Resource Access Layer

Execution Agents

Orchestrator

Access Management

End-User UI                                  Admin UI

Orchestration Agents (ReAct): Business-defined and 
general-purpose agents that combine reasoning and tool 
usage for complex task execution. Some are tightly scoped 
with well-crafted prompts for repeatable workflows (e.g., 
report generation), while others are open-ended, supporting 
exploratory interaction through chat interfaces.

Finance 
Planning 
Report 

Analyzer

Weekly Sales 
Report 

Summarizer

Weekly 
Newsletter 

Personalization 
and Scheduler

General Agent 
for Interactive 
Dashboard and 
Report Building

Tool: 
Pandas
Variable 
Explorer

MCP

Tool: 
BigQuery 
ETL Writer

MCP

Tool: 
Tableau 

Connector

MCP

Tool: 
GitHub 

Connector

MCP

Tool: 
Outlook 
Calendar

MCP MCP

Tool: 
LynxScribe 

Task 
Executor

MCP

Hosted LLMs & APIs
Vector Store

GenAI Resources via LynxScribe

11



Hands-On Advice 
Distilled From Our Work 
With Brand Teams
A successful drug launch is a masterclass in controlled chaos. For 18 months, 
cross-functional teams operate under immense pressure where speed and 
precision are paramount. This high-stakes environment demands that insights 
from medical teams seamlessly inform sales messaging and that a new field 
force is effective from day one. An agentic framework transforms this process by 
replacing manual friction with automated intelligence, de-risking the launch and 
maximizing impact.

Pre-Launch – Building an Intelligent Foundation
Success in the 12-18 months before launch depends on 
the quality of intelligence. Manually tracking competitors, 
identifying Key Opinion Leaders (KOLs), and deciphering payer 
requirements is slow and often yields stale data.

The Agentic Solution: AI agents provide a decisive advantage.

•	 Market & KOL Intelligence: A single agent can deliver a 
real-time dashboard of the competitive landscape by 
scanning clinical trial registries, press releases, and 
conference data. It simultaneously maps influence 
networks to identify established and rising KOLs by 
analyzing publications, social media, and speaking 
roles. 

•	 Payer Insights: Another agent monitors Health 
Technology Assessment (HTA) bodies and payers, 
ensuring your value dossier is built on current 
evidence requirements.
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These agentic solutions demonstrate a clear path to transforming launch effectiveness by 
embedding intelligence at every critical step. From strategic planning to field execution and market 
optimization, these tools can deliver unprecedented speed and precision. However, unlocking their 
full potential requires more than just deploying technology; it demands a thoughtful strategy 
for integrating these agents into the human fabric of the organization, ensuring they empower 
teams rather than overwhelm them. This is how you can plan for a future where human expertise is 
amplified, not replaced.

The Launch Window –  
Executing With Precision
The first 90 days are critical, demanding flawless coordination 
as new sales and MSL teams get up to speed and content moves 
through regulatory review at maximum velocity.

The Agentic Solution: AI agents ensure seamless execution.

•	 Field Force Readiness: An on-screen “tutor” guides new reps 
through complex processes in the CRM, drastically shortening 
their learning curve for tasks like sample requests. 

•	 Content Acceleration: An agent “pre-reviews” promotional 
materials, checking claims against the approved library before 
formal MLR submission. This catches errors early, reduces 
review cycles, and gets vital materials to the field faster. 

•	 Targeted Insights: Agents push hyper-relevant talking 
points to field teams for specific appointments.  
For instance: “Dr. Chen primarily sees the patient 
subtype that showed the strongest efficacy 
in our trial. Lead with that data.”

Post-Launch – 
Optimizing for Growth

 
After launch, agility is key. The focus shifts to 

optimizing strategy based on real-world feedback, 
which is often slow to travel from the field.

The Agentic Solution: AI agents create a rapid feedback loop.

•	 Objection & Trend Analysis: An agent analyzes CRM call 
notes to spot recurring objections or questions in specific 
regions. This insight is routed to medical and brand teams, 
enabling them to develop and disseminate a swift response. 

•	 On-Demand Performance Analytics: Brand leads can 
bypass static reports and ask a chat-based agent for 
instant data analysis, such as, “Compare our NRx uptake 
in California versus Texas last month,” receiving immediate 
charts and summaries to accelerate decision-making.
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Human relationships remain the heartbeat of pharma, and 
Agentic AI exists to make those relationships stronger.
By offloading the grind of data gathering, literature scanning, and pattern-
spotting, AI frees brand teams to focus on what machines still cannot 
replicate: empathy, nuanced conversations with KOLs, and the credibility 
that anchors every market-access negotiation. With routine analysis handled 
in minutes, marketers gain precious hours to listen, adapt, and build trust—
turning AI from a threat into a force-multiplier for human connection.

Trust grows fastest when AI and experts learn side by side.
Start with visible, low-risk pilots—a follow-up-email generator, an agent that 
flags overnight guideline changes, a KPI concierge that surfaces yesterday’s 
engagement stats. Design each microtool with the very marketers, MSLs, 
and compliance leads who will use it, and insist on total transparency: “why-
it-said-so” explainers, traceable data flows, and clear escalation paths 
when judgment calls arise. Seeing the logic, teams move from curiosity to 
confidence, quickly converting early users into vocal champions.

Scale through measured, metrics-driven phases.
Once microtools prove their worth, broaden the remit—persona clustering, 
field-force optimisation, budget re-allocation—while gating every step 
behind predefined KPIs and human review checkpoints. This cadence of pilot 
→ metric → roll-out lets relationships mature at the same pace as technology: 
stakeholders know what is changing, why it matters, and how it unlocks 
higher-value work they actually want to do.

Transparency and upskilling cement long-term confidence.
Build “glass-box” agents that expose data lineage and decision logic on 
demand. Pair each deployment with hands-on training, office hours, and 
a living playbook so teams can tweak prompts, audit outputs, and resolve 
edge cases without calling in a SWAT team of data scientists. The more 
people understand the system, the more they trust it—and the faster the 
organisation embraces further automation.

Choose partners who invest in people as deeply as in platforms.
Lynx Analytics brings audit-ready pipelines, reusable agent libraries, and 
proven de-identification playbooks, but our real differentiator is change-
management DNA: shoulder-to-shoulder co-design sessions, “AI champion” 
networks, and ongoing support that embed fluency across every function. 
The result is technology that arrives not as a black box, but as a trusted 
colleague—one that amplifies human insight, strengthens stakeholder 
relationships, and ultimately drives better outcomes for patients. 

Final Words -Planning 
for the Future!
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About Lynx
At Lynx Analytics, we understand the unique challenges that pharmaceutical companies face 
in today’s rapidly evolving landscape. As a leader in AI-driven data and analytics solutions, we 
specialize in accelerating pharma’s Generative AI journey, helping organizations seamlessly 
integrate AI into their existing systems to drive meaningful business outcomes.

With deep expertise in life sciences and AI, Lynx Analytics empowers pharmaceutical companies 
to unlock the full potential of their data and make smarter, faster decisions.
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